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o FO P E REUE N RIS & Y T . 3 T R B
2.2.2 71 Score 7R

MG PR S B B i B AN E T AR T A v F) 40
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IO, yaions  H Score $RE , H1 A Score P Score,

AR, RIRE ST Score.
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TR S LA AE B T4 28 803 U T ) SR B s
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RS AR o Tan S0AFE TG RTNIE RS 2 73 4L
LB HIE R, R T A58 B AT AL e
UK 1 LA R I RS T ¥ %%, BERTHH
Bk Re . 24 S 200 B S RE A AL 1
FEP ISR | 25 HRT RS THRIE R TT H 1)
HEEH
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2) K<«—pop X rye P, —D
3) fori=1to pop do

4) if i < K then P,,, < P, U {N[i].hyper-
params}

5) else if i <Lpop] x 0.7 then
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hyperparams + N (0, 0¢,,2)}

7) else P, < P,,, U {RandomlInitial-
126(M ecea) §

8) Score[i]«—EvaluateScore(P,,,[] ,
Meear Fourent)

9) end for

10) end for
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12): for =1 to T_max do
/1 BE2: PR 4
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(24T, o3 0.1x(1-¢/T,,)
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21) if Random(0, 1) < P, uion
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31) PP, [besty] Score g, < g 0.6
Score[best,,] 5, .
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=1 Mg REHESE
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A
3.3.2 DeepSeek fi i fe &
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